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Abstract 

This paper analyses the trade channels through which China’s rapid expansion has 
affected growth in other developing economies. The empirical strategy exploits variation 
across countries in the exposure of their exports to China’s import demand and export 
supply in global markets. The paper shows that China’s rising demand for commodities 
and intermediate goods has had a favorable impact on other developing countries’ 
growth, while intensified competition from its manufacturing exports has had an adverse 
effect. The former effect is stronger and therefore the net effect has been positive for 
most countries.  The positive impact is, however, becoming weaker as China’s growth 
slows down.  Developing countries’ longer term growth may also be slower because of 
the changes in their economic structures induced by China’s trade expansion.    

 

JEL Code: E01, E13, F10, F41, F62, O11, O47 

Keywords: unconditional convergence, China, export-import similarity, primary goods 

 

  

 
∗ East Asia and Pacific Chief Economist Office, World Bank. The findings, interpretations, and conclusions are entirely 
those of the authors. They do not necessarily represent the views of the World Bank Group, its Executive Directors, or 
the governments they represent. Izzati Afiqah Binti Ab Razak provided excellent research assistance. 



 
2 

 

Official Use Only 

I. Introduction 

Over the past four decades, developing economies have undergone a remarkable 

transformation. The median GDP per capita growth rate rose from close to zero in the 

early 1980s to about 4 percent in the late 2000s, with a notable period of convergence 

toward advanced economies in the 1990s and 2000s — coinciding with China’s 

emergence as a dominant force in global trade.1 2 However, this impressive growth began 

to taper off around 2010, as China’s unprecedented growth rates started to slow down.3  

We argue that China’s rise has been a defining feature of the global economic 

environment for developing countries, creating powerful but conflicting forces that 

operate through global trade.  The core intuition behind our analysis can be interpreted 

through the lens of classical trade theory: the growth of a dominant economy affects 

world prices which generates terms-of-trade externalities, raising the world price of the 

goods it demands and lowering the world price of those it exports.  China’s rapid 

growth generated, on the one hand, enormous demand for raw materials and 

intermediate inputs, boosting commodity prices and export revenues, especially for 

many resource-rich countries. On the other hand, China’s expansion in global 

manufacturing markets increased competition in labor-intensive industries, reducing 

export prices and displacing some producers. These two channels created opposing 

effects—demand enhancement versus export competition—that we aim to disentangle 

empirically.4 

We estimate the association between China’s per capita GDP growth and growth in 

other developing countries between 1995 and 2019, conditioning on each country’s 

export similarity with China’s import (complementarity) and export (competition) 

 
1 These trends extended beyond a few large economies and included numerous smaller developing 
economies that have seen significant growth (Diao et. al. 2019; Appendix A1).  
2 See Patel et al. (2021) and Kremer et al. (2022). The observed catch-up aligns with the neoclassical 
convergence theory posited by Robert Solow’s seminal work in 1956 which suggests that, given similar 
preferences and technology, poorer countries tend to grow faster and would eventually catch up to the 
per-capita GDP levels of wealthier economies.  
3 China’s GDP per capita accelerated from about 4 percent in the early 1990s to nearly 10 percent by the 
late 2000s. But by the late 2010s, growth slowed to around 4 percent. The global convergence of incomes 
per capita has also recently stalled (See Appendix Figure A1.2). 
4 Garred and Pessoa (2016); Alvarez and Claro (2009); Iacovone et al. (2013). 
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baskets. These indices, constructed from detailed product-level trade data, allow us to 

assess how a country’s exposure to China affects its growth trajectory.  

Our results suggest that 1 percentage point increase in China’s per capita GDP growth 

is associated with a 0.2 percentage point increase in per capita GDP growth on average 

in other developing economies. However, the average effect masks substantial 

heterogeneity across countries related to their trade structure. The more a country’s 

export basket matches China’s global import profile—as is the case, for example, for 

commodity exporters—the more it benefits from positive growth shocks in China. By 

contrast, the more a country’s exports resemble China’s global export profile, the more 

it is adversely affected by China’s expansion. The overall impact of China’s growth on a 

particular country therefore depends on the relative strength of these two channels. We 

find that a country is likely to gain from China’s growth when the index of similarity of 

its exports to China’s global import profile is at least half as large as index of similarity 

to China’s global export profile. This condition is satisfied for most countries, implying 

that China’s growth has a positive and statistically significant impact on their growth. 

The results show that commodity exporters experience the largest benefit. For example, 

a one percentage point increase in China’s GDP growth has contributed to 0.40 and 

0.45 percentage point increases in GDP growth of net commodity exporters Angola and 

Brazil, respectively. The gains are more modest for the exporters of basic manufactured 

goods. For example, a one percentage point increase in China’s GDP growth is 

associated with GDP growth increases of only 0.1 percentage points in Bangladesh and 

the Philippines, respectively. 

Our findings help reconcile seemingly conflicting results in the literature. Prior studies 

have documented China’s positive spillovers on other developing economies (Huidrom et 

al., 2020), including through its role in the commodity boom (Jenkins, 2011; Drummond 

and Liu, 2015).5 Others have argued that developing countries with established 

 
5 By 2010, China accounted for about 20% of global non-renewable energy consumption, 23% of major 
agricultural crops, and 40% of world base metals consumption. Jenkins et al. (2008) estimates that 
China’s demand between 2002 and 2007 alone raised Latin America’s commodity export earnings by 
about $56 billion—three-quarters of which came from oil and copper.  
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manufacturing sectors found themselves competing head-to-head with Chinese goods, 

often losing market share in industries such as textiles, apparel, electronics, and light 

manufacturing (Freund and Özden, 2006; Costa et al., 2016;).6 7  

We contribute to the literature by integrating these perspectives into an empirical 

framework that brings together the dual trade channels through which China’s growth 

affects other economies. We utilize the Bastos (2020) measure of export and import 

similarities with China to show that the structure of a country’s trade with China—

whether complementary or competitive—helps explain variation in growth outcomes, 

and that China’s influence extends far beyond its immediate trade partners.8 While 

Bastos (2020) focuses on trade outcomes of the countries involved in China’s Belt and 

Road Initiative, our paper integrates the similarity of export and imports with China in 

an empirical framework that captures the broader macroeconomic spillovers of China’s 

rise on a global sample of developing countries.9  

We also suggest that China’s rise has influenced the economic structure of developing 

economies. Many developing countries appear to have specialized in producing and 

exporting primary commodities and basic manufacturing inputs to meet China’s 

demand, shifting away from more complex and diversified production structures. In 

Latin America and Africa, for example, the 2000s saw a reversal of earlier diversification 

 
6 For example, Mexico—whose manufacturing exports had grown under NAFTA—saw its export growth 
stagnate in the early 2000s (Hanson 2010; Hason and Robertson, 2007, 2010). Costa et al. (2016) find that 
Brazilian regions more exposed to Chinese import penetration experienced significantly slower wage 
growth for manufacturing workers between 2000 and 2010, while regions specializing in China-demanded 
commodities (e.g., soybeans, iron ore) saw faster wage growth and rising formal employment during the 
same period. Lederman et al., 2008 studies the impact of China’s exports in Latin American countries 
while Pavcnik et al., 2005 study the labor market impacts of trade liberalization in Colombia, and they 
report similar findings. 
7 A separate literature finds economically significant negative effects on US industries with greater 
exposure to trade with China (Bernard et al., 2006; Pierce and Schott, 2016; Acemoglu et al., 2016; Galle 
et al., 2023; Caliendo et al., 2019; Autor et al., 2013; Feler and Senses, 2017). 
8 Bastos (2020) studies the sectoral export response of Belt and Road (B&R) countries to China’s demand 
and competition shocks—measured through export and import similarity indices. The response of a 
country’s exports to China’s demand shocks were stronger in more upstream industries, while those of 
competition shocks were stronger in industries that produce goods that are closer to final use. 
9 In addition, in our baseline results we adopt a different index of a country’s export and import similarity 
with China that captures ordinal alignment and is less sensitive to extreme trade values or outliers. 
Results are robust to other measures of a country’s export and import similarity with China, including 
Bastos (2020). 
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efforts, as commodities’ share in exports and GDP surged in response to Chinese 

demand. Their exports to China shifted overwhelmingly to raw materials (ores, 

hydrocarbons, soybeans, etc.), while their imports from China were almost entirely of 

manufactured goods.  

The remainder of the paper is structured as follows: Section II describes the data and 

empirical framework. Section III presents the results on the channels through which 

China’s growth affects other developing economies. Section IV concludes. 

II. Data and Empirical Framework 

a. Data 

We assemble a panel of annual data for developing countries (excluding China) to 

analyze how China’s rise relates to other countries’ growth outcomes. Our primary 

macroeconomic indicators are drawn from the Penn World Tables (PWT) and the 

World Development Indicators (WDI). We restrict the sample to sufficiently large 

developing economies (for example, excluding microstates with populations below one 

million) to ensure robust comparisons. The final sample includes 109 countries.  

 

For trade data, we draw on two complementary datasets: the BACI International Trade 

Database and the International Trade Data (SITC Rev. 2).10 BACI, developed by 

CEPII, provides harmonized bilateral trade data from 1995 to 2022 and includes 

product-level classifications that support the identification of final versus intermediate 

goods based on the Broad Economic Categories (BEC) framework.11 To construct export 

similarity measures over a longer time horizon, we use the International Trade Data 

compiled by the Growth Lab at Harvard University, which spans 1962 to 2021. This 

dataset, based on UN-COMTRADE and cleaned by the Growth Lab, enables consistent 

analysis at the SITC 4-digit level. 

 

 
10 Gaulier, G. and Zignago, S. (2010) BACI: International Trade Database at the Product-Level. The 
1994-2007 Version. CEPII Working Paper, N°2010-23 
11 HS-BEC concordance is from WITS (https://wits.worldbank.org/product_concordance.html) 

http://www.cepii.fr/CEPII/fr/publications/wp/abstract.asp?NoDoc=2726
http://www.cepii.fr/CEPII/fr/publications/wp/abstract.asp?NoDoc=2726
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In addition, we incorporate data on export complexity from the Growth Lab’s 2019 

Economic Complexity rankings, which summarize the sophistication of each country’s 

export basket (based on the diversity of products exported and their ubiquity across 

countries). This will aid our discussion of how China’s growth might influence not just 

the pace of growth abroad but the composition of economic activity. 

 

A key innovation in our empirical approach is to quantify each country’s exposure to 

China’s growth through trade structure similarity indices. We construct two 

complementary indices that capture different channels: 

Export-Import Similarity (Complementarity Index): This index measures how closely a 

country’s export basket aligns with the goods that China imports. A higher export-

import similarity means the country is effectively “supplying what China is demanding,” 

which should confer positive spillovers in terms of higher export revenues and growth. 

Export-Export Similarity (Competition Index): This index measures how similar a 

country’s exports are to the goods that China itself exports. This captures the degree of 

overlap and thus competition a country faces from China in global markets. A higher 

export-export similarity indicates that the country is “exporting what China exports,” 

implying greater exposure to competitive challenges from China’s presence.  

Measuring the indices: We quantify each similarity index using two complementary 

methods – one rank-based and one value-based – to ensure robustness: 

Rank Correlation Index: Our primary measure is a Spearman rank correlation coefficient 

comparing the country’s export profile with China’s trade profile.  

Formally, the rank correlation coefficient between the exports structure of country 𝑖𝑖 and 

China’s global market footprint is defined as: 

𝜎𝜎(𝑖𝑖,𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖) = corr(R(𝑋𝑋(𝑖𝑖),𝑅𝑅�GX(𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖)�),   (1) 
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where 𝑅𝑅(X(𝑖𝑖)) represents the rank of export values for country 𝑖𝑖 across products (at the 

SITC 4-digit level), and 𝑅𝑅(GX(𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖)) denotes the rank of China’s global exports (or 

imports) market share in each product. 

For the export-import index, we rank the importance of each product in the country’s 

export basket and in China’s share in global imports (using detailed product-level data, 

e.g. at the 4-digit SITC level or equivalent). The Spearman correlation between these 

two rankings yields an index between –1 and +1. A value near +1 indicates that the 

products which dominate the country’s exports are largely the same products for which 

China’s import share is highest – a strong positive alignment. Conversely, a negative 

correlation would imply the country’s top exports correspond to products that China 

imports relatively little (or vice versa). We rescale this measure to lie between 0 and 1 

in the empirical estimates. We construct an analogous rank correlation for export-export 

similarity, ranking products by their share in the country’s exports and in China’s share 

in global exports and then correlating the two lists. The appeal of the rank-based 

measure is that it captures ordinal alignment and is less sensitive to extreme trade 

values or outliers. In other words, even if China’s scale is enormous in an absolute sense, 

what matters for this index is the pattern of specialization. It tells us whether a country 

is specializing in the types of goods China heavily buys (or produces), regardless of 

absolute volumes. This helps capture the notion of indirect exposure through global 

prices: for example, if China’s surge in demand drove up prices of oil and copper, then a 

country highly ranked in those exports will score high on the export-import similarity 

index and likely saw a terms-of-trade boost. 

Finger–Kreinin Similarity Index: As a complementary metric, we also compute an index 

based on Finger and Kreinin (1979) for each pair of trade profiles. This is a more 

traditional value-share overlap measure, employed also by Bastos (2020). It essentially 

sums the minimum of each product’s share in two trade baskets, producing an index 

between 0 and 100 (100 indicating identical composition of trade, and 0 indicating no 

overlap at all). For example, if country allocates 10% of its exports to product X and 

China’s imports also devote 10% to product X, the overlap contribution for that 

product is 10%. We do this across all products to gauge overall similarity. We calculate 
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one such index comparing a country’s export shares to China’s import shares (for the 

export-import similarity), and another comparing a country’s export shares to China’s 

export shares. A higher Finger–Kreinin index means a greater overlap in trade patterns 

by value. This measure gives more weight to the magnitude of trade in each product, as 

opposed to just the rank.12  

The two measures tend to tell a consistent story.13 For the regression analysis, our 

baseline similarity indices are constructed for an initial year (1995) to capture the 

country’s pre-existing trade structure before China became a dominant global trader. By 

fixing the similarity measures at the mid-1990s, we avoid conflating the subsequent 

influence of China with adjustments countries may have made in response to China’s 

growth. However, we have also verified that using time-varying indices yields similar 

qualitative results (we discuss this further below and in the robustness checks). 

b. Empirical Framework 

We begin by examining the average relationship between China’s growth and economic 

outcomes in other developing economies. To do so, we estimate the correlation between 

China’s per capita GDP growth and that of other developing countries using the 

following baseline specification: 

∆𝑦𝑦𝑖𝑖,𝑡𝑡 = 𝛼𝛼 + 𝛽𝛽 ∗ ∆𝑥𝑥𝑡𝑡𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖 +  ∆𝑦𝑦𝑖𝑖,𝑡𝑡−1 + 𝛿𝛿𝑖𝑖 + 𝑢𝑢𝑖𝑖,𝑡𝑡        (2) 

where ∆𝑦𝑦𝑖𝑖,𝑡𝑡 represents annual GDP per capita growth in a developing economy (excluding 

China). Here,  ∆xtChina denotes China’s annual GDP per capita growth (or, in alternative 

specifications, growth in its manufacturing exports),  ∆𝑦𝑦𝑖𝑖,𝑡𝑡−1 is the one-year lag of the 

dependent variable,  𝛿𝛿𝑖𝑖 controls for country fixed effects, and ∆𝑢𝑢𝑖𝑖,𝑡𝑡 is the idiosyncratic error 

term.  

To capture the heterogenous role of China on global export markets, we utilize our 

index of export-import similarity between each country 𝑖𝑖 and China. Specifically, we 

consider two indices: the export-import similarity index (between a country’s exports 

 
12 See also Bastos et al. (2020).  
13 Appendix A2 provides country rankings based on the two indices. 



 
9 

 

Official Use Only 

and China’s imports) and the export-export similarity index (between a country’s 

exports and China’s exports). These indices, described in the previous section, capture 

not merely direct trade links with China, but also the effect of global trade as affected 

by the change in global prices of goods.     

We estimate the following extended specification:  

∆𝑦𝑦𝑖𝑖,𝑡𝑡 = 𝛼𝛼 + 𝛾𝛾1𝜎𝜎𝑖𝑖
𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖∆𝑥𝑥𝑡𝑡𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖 + 𝛾𝛾2𝜎𝜎𝑖𝑖

𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒∆𝑥𝑥𝑡𝑡𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖 + 𝜃𝜃∆𝑦𝑦𝑖𝑖,𝑡𝑡−1 + 𝛿𝛿𝑖𝑖 + 𝛿𝛿𝑡𝑡 + 𝑢𝑢𝑖𝑖,𝑡𝑡              (3)   

where  𝜎𝜎𝑖𝑖
𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖  and 𝜎𝜎𝑖𝑖

𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒 represent indices of country 𝑖𝑖’s export similarity to China’s 

imports and exports at the beginning of the period (1995), respectively. The interaction 

terms capture how the effect of China’s growth on a given country’s growth depends 

on its trade structure.14 All other variables mirror those in Equation (2). 

This framework allows us to test whether the gains from China’s growth are 

concentrated among countries that supply goods China demands, and whether 

countries competing with China in global export markets experience dampened growth 

as a result of China’s expanding export footprint. We interact time-invariant structural 

exposure (the 'share: 1995 similarity Indices) with a time-varying global shock (the 

shift': China’s growth). This allows us to capture the full general equilibrium effects - 

including price spillovers and third-market competition. 

Our empirical approach aims to identify how China’s economic expansion has 

differentially affected growth in other developing economies, depending on each 

country’s trade structure. This interaction-based design allows us to go beyond average 

correlations and uncover the mechanisms through which China’s rise has produced 

asymmetric spillovers across countries. 

 
14 Taking partial derivatives with respect to China’s growth shows that a developing economy will 

benefit from China’s growth  𝑖𝑖𝑖𝑖𝑖𝑖 𝜎𝜎𝑖𝑖
𝑖𝑖𝑖𝑖𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝

𝜎𝜎𝑖𝑖
𝑒𝑒𝑒𝑒𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 > −𝛾𝛾2

𝛾𝛾1
 . The ratio matters, not just absolute values – for example 

many countries in South-East Asia have high similarity in both exports and imports. 
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III. Empirical Findings: China as a driver of growth in developing economies  

In this section, we first present some stylized facts about growth patterns in developing 

countries, and then more rigorously explore the role of trade-based links with China’s 

growth. 

a. Unconditional convergence and China’s GDP growth 

We begin by documenting patterns of economic growth and convergence between 

developing and advanced economies, following Patel, Sandefur, and Subramanian 

(2021). Most developing countries experienced a marked acceleration in GDP per capita 

growth from the 1990s, narrowing the income gap with high-income countries. This 

convergence peaked between the mid-1990s and late 2000s but has slowed over the past 

decade. 

Figure 1 illustrates this trend plotting annual estimates of the unconditional 

convergence coefficient, 𝛽𝛽.15 A negative 𝛽𝛽 indicates convergence—i.e., poorer countries 

growing faster than richer ones. From the mid-1990s, 𝛽𝛽 turns negative and statistically 

significant, signaling a period of rapid catch-up growth. However, after the Global 

Financial Crisis (GFC) of 2008–09, 𝛽𝛽 weakens and loses statistical significance, 

suggesting a halt in convergence. 

  

 

15 Estimation tests the equation, � 1
𝑇𝑇−𝑡𝑡

� ∗ 𝑙𝑙𝑙𝑙𝑙𝑙 �𝑦𝑦𝑖𝑖,𝑇𝑇
𝑦𝑦𝑖𝑖,𝑡𝑡
� = α + β ∗ 𝑙𝑙𝑙𝑙𝑙𝑙�𝑦𝑦𝑖𝑖 ,𝑡𝑡� + 𝑢𝑢𝑖𝑖,𝑡𝑡 where 𝑖𝑖 represents the country, 

𝑇𝑇 the end year (2019), 𝑡𝑡 the start year, 𝑦𝑦𝑖𝑖 ,𝑇𝑇 the per capita GDP (PPP terms), and 𝑢𝑢𝑖𝑖,𝑡𝑡 the error term. See 
Appendix A3 for details. 
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Figure 1. Patterns of convergence correlate with China’s growth rates 

   

Source: Penn World Tables 11 
Notes: Black dots indicate annual unconditional convergence coefficients (𝛽𝛽), with 95% confidence 
intervals. The yellow line represents China’s 10-year moving average GDP per capita growth. Sample 
excludes oil-rich countries and includes countries with populations over one million. 

 
Notably, the convergence patterns align closely with China’s growth trajectory. China’s 

per capita growth accelerated from about 4 percent per year in the early 1990s to nearly 

10 percent by the late 2000s, coinciding with the global convergence phase. Conversely, 

as China’s per capita growth decelerated in the 2010s (back to 4 percent), global 

convergence slowed. Notably, the convergence pattern tracks more closely with China’s 

growth than with the growth of other major economies, such as the United States, 

Japan, or the European Union. 

China’s rise combined with its sheer size has the potential to translate into significant 

spillovers for developing countries through both direct trade links and global prices. 

China’s share of global GDP increased from 6 percent in 1970 to 18 percent by 2022. 

Between 1995 and 2023, China’s share of global manufacturing exports rose from 5 

percent to 23 percent and its share of global commodity imports climbed from 2 percent 

to 20 percent (Appendix Figure A3.1).  

China’s growth has been positively correlated with export prices of commodity 

exporting countries and negatively correlated with export prices of non-commodity 
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exporting ones. For 42 developing economies from 1995 to 2024, after controlling for 

country and year fixed effects, the correlation of China’s growth with growth of export 

prices of non-commodity exporters is about negative 0.6, whereas the correlation of its 

growth with the export prices of commodity exporting countries is about positive 0.5. 16 

Higher export prices for commodity exporters suggest that through the price channel 

China’s growth has bolstered terms of trade and economic activity in resource-rich 

economies.  

   

b. Complementarity and competition: How China shapes growth in developing 
economies 

We next examine the extent to which and the mechanisms through which China’s 

growth affects GDP growth in other developing economies, focusing on the role of 

trade structure as captured by export similarity with China’s imports and exports, 

following the specifications in Equations (2) and (3). The use of export similarity 

indices is empirically novel.17 We calculate the similarity indices based on trade 

structures in 1995—well before the acceleration of China’s export boom and its 

accession to the WTO in 2001. This timing is critical: using predetermined (baseline) 

trade patterns mitigates concerns of reverse causality, wherein China’s growth might 

otherwise influence the composition of other countries’ exports. 

Panel regression results show that, on average, a 1 percentage point increase in China’s 

GDP per capita growth is associated with a 0.2 percentage-point increase in per capita 

GDP growth across other developing economies (Table 1, column 1).  

However, the impact is not uniform, and the effect varies based on export similarity. 

Countries whose exports closely resemble the goods China imports benefit more from 

China’s growth (Table 1, columns 2–3). In contrast, countries whose export baskets are 

 
16 Appendix Table A3.1 reports significant positive correlations between China’s GDP growth and 
commodity price increases between 1992–2024, with coefficients often above 0.3. Appendix Table A3.2 
presents panel regression estimates linking China’s growth to developing countries’ export prices. 
17 Bastos (2020) studies the sectoral export response of Belt and Road (B&R) countries to China’s 
demand and competition shocks—measured through export and import similarity indices but does not 
study the effects on aggregate growth. 
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more similar to China’s exports experience a negative impact on growth (Table 1, 

columns 4–5). This contrast highlights the dual nature of China’s spillovers: 

complementarity boosts growth; competition constrains it.  

 
Table 1. Export similarities and the impact of China’s GDP growth on developing 
economies 

  

Note: Regressions use annual data from developing economies countries available between 1995-2019, excluding 
countries with populations under one million (as of 2010). Export similarity to China’s trade is measured using 
the baseline (1995) rank correlation index at the detailed 4-digit product level. Robust standard errors are in 
parentheses, with significance levels denoted as *** p<0.01, ** p<0.05, * p<0.1.  

 

Importantly, even when accounting for these opposing channels, the net effect of China’s 

growth remains positive and statistically significant (Table 1, columns 6–7). Our results 

suggest that 1 percentage point increase in China’s per capita GDP growth is associated 

with a 0.2 percentage point increase in per capita GDP growth on average in other 

developing economies (Appendix Table A4.1). However, the average effect masks 

substantial heterogeneity across countries related to their trade structure. The more a 

country’s export basket matches China’s global import profile—as is the case, for 

example, for commodity exporters—the more it benefits from positive growth shocks in 

China. By contrast, the more a country’s exports resemble China’s global export profile, 
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the more it is adversely affected by China’s expansion. The overall impact of China’s 

growth on a particular country therefore depends on the relative strength of these two 

channels. We find that a country is likely to gain from China’s growth when the index 

of similarity of its exports to China’s global import profile is at least half as large as 

index of similarity to China’s global export profile. This condition is satisfied for most 

countries, implying that China’s growth has a positive and statistically significant 

impact on their growth.18 

The results show that commodity exporters experience the largest benefit. For example, 

a one percentage point increase in China’s GDP growth has contributed to 0.40 and 

0.45 percentage point increases in GDP growth of net commodity exporters Angola and 

Brazil, respectively. The gains are more modest for the exporters of basic manufactured 

goods. For example, a one percentage point increase in China’s GDP growth is 

associated with GDP growth increases of only 0.1 percentage points in Bangladesh and 

the Philippines, respectively. 

These results are robust to using growth in China’s manufacturing exports and 

imports—in place of GDP growth (Table 2). The higher the similarity with China’s 

imports the greater the growth benefits from China’s rising manufacturing imports, and 

the higher the similarity with China’s exports, the greater the drag on growth. These 

results highlight the importance of the trade channel in explaining the differential effects 

of China’s growth spillovers across countries.  

 

 

 

 

 

 
18 For the countries in our sample, the average rank similarity index with China’s exports is 0.558, 
whereas the average rank similarity index with China’s imports is 0.498.  
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Table 2. Impact of China’s manufacturing trade growth on developing country per 
capita GDP growth 

  

Note: Panel regressions use annual data from developing economies countries available between 1995-2019, 
excluding countries with populations under one million (as of 2010). Export similarity to China’s trade is 
measured using the baseline (1995) rank correlation index at the detailed 4-digit product level. Robust 
standard errors are in parentheses, with significance levels denoted as *** p<0.01, ** p<0.05, * p<0.1.  

 

Commodity-exporting countries experience particularly strong benefits from China’s growth. 

Empirical estimates confirm that growth benefits from China’s expansion are twice as big for 

commodity exporters compared to other countries (Table 3). Further, both China’s 

manufacturing imports and exports have a positive and statistically significant effect on 

GDP growth of commodity exporting developing country, suggesting that both the direct 

import demand from China and the indirect linkages through China’s own exports 

contribute positively and significantly to their growth performance. 
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Table 3. Differential effects for commodity exporters 

 

Note: Panel regressions use annual data from developing economies countries available between 1995-2019, 
excluding countries with populations under one million (as of 2010). “Commodity exporters” is a dummy 
indicating the countries with commodity rents greater than 30% of GDP as of 2010. Robust standard errors are 
in parentheses, with significance levels denoted as *** p<0.01, ** p<0.05, * p<0.1. 

 

We recognize the limitations of any observational cross-country panel in cleanly 

establishing causality. A primary endogeneity concern is that China’s growth itself may 

be correlated with unobserved global factors—such as a worldwide commodity boom or 

synchronized global demand conditions—that also affect growth in other developing 

economies. In such cases, the coefficient on China’s growth in a simple panel regression 

might conflate China-specific effects with broader global co-movements. 

To address this issue (even if partially), we introduce specifications that include year 

fixed effects, which control for common global shocks affecting all countries in a given 
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year, including commodity price cycles, monetary conditions, and other global factors 

that may affect growth in all countries. These fixed effects allow us to isolate the 

differential effect of China’s growth across countries based on their export structure, 

rather than picking up general global co-movements. We also experiment with other 

controls such as commodity prices, US interest rates, as well as terms of trade and the 

results are similar (Appendix A4; Table A4.2-A4.4). 

We also confirm that the core results hold when using alternative similarity indices 

(the Finger–Kreinin index), when allowing similarity to vary over time, and when 

extending the sample to include additional (smaller) countries (Appendix Tables A4.5-

A4.7), and post-COVID period (2020-23; Appendix Tables A4.8-A4.9).  

In addition, to strengthen causal inference, we exploit a quasi-natural experiment: 

China’s accession to the World Trade Organization (WTO) in 2001. This event 

marked a significant shift in China’s trade integration and export competitiveness, 

generating a discrete and exogenous shock to China’s position in global trade. We 

implement a difference-in-differences (DiD) identification strategy, comparing countries 

with high baseline export similarity to China’s trade structure (i.e., those more 

exposed) to countries with lower similarity, before and after China’s WTO accession.19 

This strategy allows us to assess whether countries more exposed to China experienced 

systematically different growth trajectories following China’s trade liberalization. The 

results from this DiD framework are consistent with the main findings and lend 

additional support to our interpretation of the China-specific effects (Appendix Table 

A4.10-A4.11). 

These patterns echo earlier findings by Arora and Vamvakidis (2011), but our results 

extend further to capture the structural weakening of spillovers. Two key risks emerge 

 
19 Specifically, we estimate the following equations: ∆𝑦𝑦𝑖𝑖,𝑡𝑡 = 𝛼𝛼 + 𝛾𝛾1𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 ∗ 𝐶𝐶𝐶𝐶𝐶𝐶 ∗ ∆𝑥𝑥𝑡𝑡𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖 + 𝜃𝜃∆𝑦𝑦𝑖𝑖 ,𝑡𝑡−1 + 𝛿𝛿𝑖𝑖 +
𝛿𝛿𝑡𝑡 + 𝑢𝑢𝑖𝑖,𝑡𝑡, where 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 takes the value of 1 after China enters WTO and 0, otherwise, whereas 𝐶𝐶𝐶𝐶𝐶𝐶 refers 
to a country being a commodity exporter. All other variables are as in equation (3). 

And, ∆𝑦𝑦𝑖𝑖 ,𝑡𝑡 = 𝛼𝛼 + 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 ∗ (∑ 𝛾𝛾𝑎𝑎𝑎𝑎∈{𝑖𝑖𝑖𝑖𝑖𝑖,𝑒𝑒𝑒𝑒𝑒𝑒} 𝜎𝜎𝑖𝑖𝑎𝑎)∆𝑥𝑥𝑡𝑡𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖 +  𝜃𝜃∆𝑦𝑦𝑖𝑖 ,𝑡𝑡−1 + 𝛿𝛿𝑖𝑖 + 𝛿𝛿𝑡𝑡 + 𝑢𝑢𝑖𝑖,𝑡𝑡    
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for developing countries going forward. First, a further slowdown in China’s growth 

could substantially reduce the positive spillovers; for example, a one-percentage-point 

decline in China’s growth could lower growth in other developing economies by 0.14-

0.21 percentage points.20 Second, if China’s export growth continues to outpace its 

import growth, competitive pressures in global markets may outweigh the benefits of 

demand-driven trade, particularly for countries with overlapping manufacturing profiles. 

Taken together, these trends underscore the growing importance for developing 

countries to diversify their sources of growth and reduce reliance on external demand 

from China. Structural reforms that enhance domestic productivity, innovation, and 

export sophistication will be increasingly critical for sustaining long-term growth in a 

changing global environment. 

c. What does this all mean for longer-term growth in developing economies 

The previous sections argued that developing economies have benefited from supplying 

the intermediate goods and raw materials demanded by China’s manufacturing sector. 

This integration into China-driven supply chains supported higher and more stable 

growth, particularly during the global convergence period of the 1990s and 2000s. 

However, this dependence has also introduced new vulnerabilities. As China’s growth 

has slowed since the 2008–09 Global Financial Crisis (GFC), convergence has similarly 

decelerated, suggesting that developing economies are increasingly exposed to 

fluctuations in China’s economic performance. 

Trade integration with China has reshaped production and trade structures in many 

developing economies.21  Since the early 1990s, their exports to China have expanded 

dramatically—from negligible levels to over $600 billion (constant 2010 prices) at their 

 
20 The benefits of China’s growth appear to have diminished in recent years. During the 1995–2007 period, 
China’s boom contributed approximately 0.4–0.5 percentage points to annual growth in developing 
economies. By 2008-19, this contribution had shrunk, primarily due to slower growth in China itself 
(Appendix Figure A4.1).  
21 Amiti and Freund (2010) study the changing structure of China’s exports after its WTO accession. 



 
19 

 

Official Use Only 

peak in 2020—driven largely by intermediate goods (Appendix Figure A4.2). In 

contrast, China’s exports to developing economies have mostly comprised final goods.22 

These patterns reflect China’s central role in global supply chains, particularly during 

its industrial boom. Developing countries—particularly those exporting commodities—

benefited from China’s resource demand, but their specialization has tilted toward raw 

and intermediate goods. The stagnation in export sophistication is evident in Figure 2. 

While China’s economic complexity index (ECI) rose sharply, the ECI of other 

developing countries has remained flat or declined since the early 2000s. China’s own 

ECI has plateaued only recently but remains far above that of most peers. The 

stagnation in complexity among developing economies suggests limited progress in 

expanding production capabilities and innovation.  

Figure 2. Economic complexity of developing economies’ exports has generally been flat 

or declining, whereas that of China has been increasing. 

 

Source: The Growth Lab at Harvard University, 2019, "Growth Projections and Complexity Rankings", 
https://doi.org/10.7910/DVN/XTAQMC, Harvard Dataverse.  Hidalgo and Hausmann (2009). 
Note: GDP-weighted averages. 

 

Heavy reliance on China’s demand may also have slowed domestic reform momentum. 

Table 4 shows that countries with greater export intensity to China (especially in 

 
22 Additionally, there are very few goods that China does not export. About 80 percent of its export products 
hold a global share of more than 1 percent and about 60 percent of China’s export products have a global 
share of more than 10 percent. 
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intermediate goods) tend to have slower progress on key domestic reforms. These 

include financial liberalization, product and labor market reform, and institutional 

development. This pattern is robust to controlling for lag exports (Appendix Table 

A5.1).  

Table 4. Correlation between exports to China and policy reforms 
 

 
Note: reform indices adopted from Alesina et al. (2020) and discussed in detail in World Bank’s East Asia and 

Pacific Economic Update April 2023. Overall and sectoral reform indices are continuous indicators taking a 
value in the [0-1] interval. A higher value indicates greater degree of liberalization (lower intensity of 
restrictions). Trade reforms is a composite index capturing the degree of liberalization in tariffs and the current 
account. Domestic finances reform captures the degree of liberalization in credit and interest rate controls, 
banking entry and supervisions, privatization, and security markets. Product market reform captures the 
degree of liberalization in two representative sectors of electricity and telecommunication. Robust standard 
errors are in parentheses, with significance levels denoted as *** p<0.01, ** p<0.05, * p<0.1. 

 

In summary, while China’s economic ascent has created significant opportunities for 

developing economies through trade linkages, it has also posed challenges that could 

hinder long-term development. The alignment of developing economies exports 

structures with China’s demands, combined with stalled structural reforms, risks 

trapping these economies in a cycle of low complexity and limited diversification.  

 

IV. Concluding remarks 

China’s rapid rise as a global manufacturing and export powerhouse has had far-

reaching implications for developing economies. As China grew and its share of global 

trade expanded, so too did its influence on the trade structures and growth dynamics of 
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other countries. Many developing economies increasingly aligned their export baskets 

with China’s import demand—primarily through the export of intermediate goods—and 

away from competing directly with China in final goods markets. As we showed, this 

pattern of trade specialization brought growth benefits, which were especially large for 

commodity and intermediate goods exporters. Developing countries on average 

experienced robust catch-up growth in the 1990s and 2000s.  

Yet, the reliance on external demand—particularly from China—also presents risks.  

First, the slowdown in China’s growth in the 2010s also saw a deceleration in growth of 

developing countries whose export structures were oriented towards the products China 

imported.  Second, the reorientation of trade patterns has slowed structural 

transformation in developing countries. In many, the share of manufacturing in GDP 

has declined since the 1990s, potentially affecting productivity growth.  Furthermore, 

countries more exposed to Chinese import demand tend to export less complex goods, 

and their economic complexity—measured by the diversity and sophistication of 

exports—has remained stagnant or even declined in recent decades.  Finally, 

overdependence on China as a growth engine may have delayed necessary domestic 

reforms.  The implementation of deeper domestic reforms may be the most durable 

route for autonomous growth in the longer term.  
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Appendix 

A1. Growth in developing economies 

The median GDP per capita growth rate across emerging market and developing 

economies (EMDEs) rose from about 0 percent per year in the early 1980s to about 4 

percent in late 2000s (Figure A1). This period was characterized by rapid and often 

unprecedented development, which contributed to substantial improvements in the 

living standards of their populations. However, this impressive growth began to taper off 

around 2010, as these economies faced new challenges and a shifting global landscape. 

Advanced economies (AEs) experienced their peak growth in GDP per capita earlier, 

mainly during the 1990s, and the median growth rate in AEs began to decelerate in the 

early 2000s. This contrast in the timing of peak growth between EMDEs and AEs 

highlights the changing dynamics of the global economic landscape, with EMDEs 

emerging as a significant force in driving global economic growth. Total Factor 

Productivity (TFP) growth, which represents the efficiency and technological progress 

in an economy, has also experienced similar trends.  

Figure A1.1. Growth in GDP per capita and total factor productivity has been declining 
in recent years 

A. GDP per capita growth B. TFP growth 

  

Source: Penn World Table, version 11. 
Note: Figures show the median and the range of 25 – 75th percentile of 98 developing economies (70 for 
B.) and 25 AEs’ annual GDP per capita growth (constant PPP), and TFP growth. Median line removes 
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cyclical component computed by HP filter. Countries with less than 1 million population is excluded from 
the sample. 

Unconditional Convergence  

a .  Unconditional convergence framework.  

Following Patel et al. (2021), we estimate convergence coefficients using data from 

1960 to 2019 for a large sample of countries. Specifically, we estimate linear regressions 

of average GDP per capita growth on the log of initial income:  

� 1
𝑇𝑇−𝑡𝑡

� ∗ 𝑙𝑙𝑙𝑙𝑙𝑙 �𝑦𝑦𝑖𝑖,𝑇𝑇
𝑦𝑦𝑖𝑖,𝑡𝑡
� = α + β ∗ 𝑙𝑙𝑙𝑙𝑙𝑙�𝑦𝑦𝑖𝑖,𝑡𝑡�+ 𝑢𝑢𝑖𝑖,𝑡𝑡                         (𝐴𝐴1.1)            

where 𝑖𝑖 represents the country, 𝑇𝑇 the end year (2019), 𝑡𝑡 the start year, 𝑦𝑦𝑖𝑖,𝑇𝑇 the per 

capita GDP, and 𝑢𝑢𝑖𝑖,𝑡𝑡 the error term. A negative and statistically significant 𝛽𝛽 

coefficient indicates that higher initial output per capita (i.e., being closer to the steady 

state) correlates with a lower growth rate, supporting the neoclassical idea of 

unconditional convergence. 

Figure A1.2: Unconditional Convergence 

 

Notes: GDP per capita in PPP. The sample of countries used was restrained to those whose population is 
larger than one million people. Also, oil-rich countries were excluded. 
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Appendix A2. Indices of export-import similarity with China 

Table A2.1 Countries with high Rank correlation coefficient with China 

 

 

Source: Author’s calculations 

  

RANK
1 Ukraine 0.16 Brazil 0.14 Viet Nam 0.39 Viet Nam 0.37
2 Kazakhstan 0.15 Malaysia 0.13 Pakistan 0.34 Bangladesh 0.30
3 Georgia 0.15 Korea, Dem. 0.12 Thailand 0.33 Cambodia 0.29
4 Korea, Dem. 0.14 Kazakhstan 0.10 Korea, Dem. 0.32 Korea, Dem. 0.28
5 Iraq 0.13 Bolivia 0.08 Bangladesh 0.32 Tunisia 0.28
6 Malaysia 0.11 Chad 0.08 Indonesia 0.32 Sri Lanka 0.26
7 Brazil 0.11 Guinea-Bissau 0.07 Sri Lanka 0.32 Mauritius 0.25
8 Belarus 0.10 South Sudan 0.07 India 0.30 El Salvador 0.25
9 Venezuela 0.09 Afghanistan 0.07 Philippines 0.29 Nepal 0.24

10 India 0.08 Nigeria 0.06 Haiti 0.29 Haiti 0.24
11 Eritrea 0.08 Timor-Leste 0.06 Madagascar 0.27 Lesotho 0.23
12 Thailand 0.06 Argentina 0.06 Nepal 0.27 Thailand 0.21
13 Angola 0.06 Thailand 0.05 Albania 0.25 West Bank & Gaza 0.21
14 Congo, Rep. 0.06 Philippines 0.05 Mauritius 0.24 Turkiye 0.21
15 Yemen 0.06 Sudan 0.05 Egypt 0.24 Indonesia 0.21
16 Azerbaijan 0.06 Libya 0.05 Tunisia 0.24 Albania 0.20
17 Libya 0.05 Congo, Rep 0.04 Myanmar 0.23 India 0.20
18 Peru 0.05 PNG 0.04 Morocco 0.22 Syria 0.20
19 Algeria 0.05 Guinea 0.03 Dominican Rep. 0.22 Morocco 0.19
20 Nigeria 0.05 Somalia 0.03 Syria 0.20 Pakistan 0.19
21 South Africa 0.04 South Africa 0.03 Tajikistan 0.20 Mexico 0.19
22 Iran 0.04 India 0.03 El Salvador 0.20 Armenia 0.18
23 Pakistan 0.04 Mozambique 0.03 Turkiye 0.19 North Macedonia 0.17
24 Indonesia 0.04 Myanmar 0.03 Guatemala 0.19 Philippines 0.17
25 Uzbekistan 0.04 Central Africa 0.03 Lao PDR 0.19 Ethiopia 0.17
26 Gabon 0.04 Mongolia 0.02 Jamaica 0.18 Jordan 0.16
27 Gambia 0.04 Gambia 0.02 Cambodia 0.18 Uzbekistan 0.16
28 Mauritania 0.03 Tanzania 0.02 Senegal 0.18 Sierra Leone 0.15
29 Turkmenistan 0.03 Venezuela 0.01 North Macedonia 0.18 Lebanon 0.15
30 Sudan 0.03 Tajikistan 0.01 Malaysia 0.17 Egypt 0.15

Rank correlation with China's global share

2015
Similarity with China's imports Similarity with China's exports
1995 1995 2015
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Table A2.2 Countries with high Finger-Krenin similarity index with China 

 

 

Source: Author’s calculations 

 

 

  

RANK
1 Malaysia 37 Malaysia 47 Thailand 48 Viet Nam 55
2 Mexico 36 Thailand 45 Turkiye 41 Thailand 46
3 Brazil 35 Brazil 44 Philippines 40 Turkiye 44
4 Argentina 34 Philippines 40 Indonesia 38 Malaysia 42
5 Thailand 33 Mexico 38 India 38 Tunisia 38
6 Korea, Dem. 33 Indonesia 35 Mexico 37 Mexico 37
7 India 30 South Africa 35 Tunisia 35 Philippines 37
8 Indonesia 30 Turkiye 35 Malaysia 35 India 37
9 Belarus 29 India 34 Korea, Dem. 34 Indonesia 36

10 South Africa 28 Viet Nam 32 Viet Nam 34 Serbia 35
11 Turkiye 28 Argentina 32 Sri Lanka 33 Bosnia and Herzegovina 32
12 Ukraine 27 Serbia 31 North Macedonia 32 Egypt 28
13 Jordan 24 Colombia 31 Morocco 30 Lebanon 27
14 Tunisia 24 Egypt 30 Brazil 27 El Salvador 26
15 Philippines 23 Iran 29 El Salvador 27 Belarus 26
16 Colombia 21 Costa Rica 28 Pakistan 25 Morocco 25
17 North Macedonia 21 Georgia 27 Bosnia and Herzegovina 25 Moldova 25
18 Egypt 19 Belarus 26 Guatemala 25 Jordan 25
19 Venezuela 18 Tunisia 26 Dominican Rep. 25 North Macedonia 24
20 Bosnia and Herzegovina 18 Ukraine 26 Mauritius 25 Mauritius 24
21 Lebanon 18 Kazakhstan 25 Albania 25 Dominican Rep. 24
22 Zimbabwe 17 Lebanon 25 Costa Rica 24 South Africa 23
23 Kyrgyz Republic 17 Albania 25 Haiti 24 Sri Lanka 23
24 Georgia 17 Bosnia and Herzegovina 25 Bangladesh 24 Albania 23
25 Peru 16 Kyrgyz Republic 24 Egypt 23 Costa Rica 23
26 Togo 16 Peru 23 Lebanon 23 Ukraine 22
27 Kenya 15 Ghana 23 Belarus 22 Guatemala 22
28 Moldova 15 Ecuador 23 Colombia 22 West Bank and Gaza 22
29 Costa Rica 15 Dominican Rep. 22 Honduras 21 Kenya 21
30 Morocco 15 Mongolia 22 Madagascar 20 Brazil 21

1995 2015

Similarity with China's domestic share (FK)
Similarity with China's imports Similarity with China's exports

1995 2015
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A3. China’s growth and global prices 

Figure A3.1. China’s growing role in global trade  

A. China’s share of global manufacturing 
exports and imports 

B. China’s share of global commodity exports 
and imports 

    

Source: BACI 

Table A3. 1. China’s GDP growth is correlated with commodity prices 

 
Source: World Bank Commodity Price data, Pink Sheet; World Bank Economic Monitoring 
Macroeconomic Data. 
Note: Correlations are based on year-on-year growth rates of commodity prices and China’s GDP growth.  
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Commodity index (weighted) 0.30

Energy 0.24

Non-energy 0.42

  Agriculture 0.35

    Beverages 0.17

    Food 0.31

      Oils & Meals 0.33

      Grains 0.26

      Other Food 0.18

    Raw Materials 0.40

      Timber 0.30

      Other raw materials 0.38

  Fertilizer 0.08

  Metals & Minerals 0.44

    Base metals (ex iron) 0.40

Precious metals 0.33
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Table A3. 2. China’s growth has supported export prices of commodity exporters 

 

Source: Haver Analytics. 
Note: Estimation tests the equation ∆𝑝𝑝𝑖𝑖,𝑡𝑡 = 𝛼𝛼 + 𝛽𝛽∆𝑦𝑦𝑡𝑡𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖 ∗ 𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐 + 𝛿𝛿𝑖𝑖 + 𝛿𝛿𝑡𝑡 + 𝑢𝑢𝑖𝑖,𝑡𝑡, where 𝑝𝑝𝑖𝑖 ,𝑡𝑡 denotes 
the export price of country i and time t (quarterly),  𝑦𝑦𝑡𝑡𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖 is the GDP (manufacturing export) in China in 
time t, commodity is a dummy variable for commodity exporters (commodity rents are greater than 30% of 
GDP), and u is the error term. Panel fixed effect estimation using quarterly data between 1995-2024. 
Growth is in year-on-year terms. The sample includes 42 emerging markets and developing economies.  

  

  

(1) (2) (3) (4)

China's GDP growth -0.360** -0.619***
[0.141] [0.142]

China's GDP growth 1.110***
         * commodity exporter [0.315]
China's manufacturing export growth 0.0760* -0.0783

[0.0407] [0.0511]
China's manufacturing export growth 0.522***
         * commodity exporter [0.108]

Constant 0.0698*** 0.0719*** 0.0338*** 0.0394***
[0.0108] [0.0129] [0.00452] [0.00594]

Observations 2,895 2,540 2,895 2,540
R-squared 0.327 0.356 0.326 0.403
country FE YES YES YES YES
year FE YES YES YES YES

Growth in export price
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A4. Robustness check of growth regressions 

Table A4.1. Similarity ratio and net growth effect 

 

Note: Ratio of similarity indices refers to 
𝜎𝜎𝑖𝑖
𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖

𝜎𝜎𝑖𝑖
𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒 in equation (3). Net growth refers to the estimated 

𝜕𝜕∆𝑦𝑦𝑖𝑖,𝑡𝑡
𝜕𝜕∆𝑥𝑥𝑡𝑡

𝐶𝐶ℎ𝑖𝑖𝑖𝑖𝑖𝑖 = 𝛾𝛾1𝜎𝜎𝑖𝑖
𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖 + 𝛾𝛾2𝜎𝜎𝑖𝑖

𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒.  

 

Country
Ratio of similarity 

indices
Net growth 

effect
90% lower 

bound
90% upper 

bound
Country

Ratio of 
similarity 

indices

Net growth 
effect

90% lower 
bound

90% upper 
bound

Jamaica 0.68 -0.07 -0.23 0.08 North Macedonia 0.87 0.21 0.14 0.28
Vietnam 0.68 -0.03 -0.16 0.09 Tanzania 0.87 0.19 0.14 0.24
Sri Lanka 0.68 -0.04 -0.14 0.06 Zambia 0.92 0.22 0.14 0.30
Nepal 0.71 -0.01 -0.10 0.08 Bahrain 0.88 0.20 0.15 0.25
Haiti 0.72 0.01 -0.08 0.09 Croatia 0.88 0.22 0.16 0.27
Madagascar 0.72 0.02 -0.07 0.10 Uruguay 0.89 0.21 0.16 0.26
Dominican Republic 0.74 0.03 -0.06 0.11 Guinea-Bissau 0.89 0.22 0.16 0.27
Guatemala 0.75 0.04 -0.04 0.12 Colombia 0.89 0.22 0.16 0.27
Zimbabwe 0.81 0.09 -0.02 0.20 Bulgaria 0.89 0.24 0.16 0.32
Pakistan 0.77 0.12 -0.02 0.26 Mexico 0.89 0.22 0.17 0.27
Bangladesh 0.77 0.10 -0.01 0.21 Burundi 0.91 0.23 0.17 0.29
Benin 0.78 0.08 0.00 0.15 Hungary 0.89 0.23 0.17 0.29
Myanmar 0.76 0.07 0.01 0.14 Cameroon 0.91 0.23 0.17 0.29
Oman 0.81 0.10 0.01 0.19 Peru 0.91 0.26 0.18 0.35
Indonesia 0.79 0.14 0.01 0.26 Bosnia and Herzegovina 0.90 0.24 0.18 0.29
Thailand 0.80 0.16 0.01 0.31 Iran, Islamic Rep 0.91 0.26 0.18 0.34
Albania 0.77 0.08 0.02 0.15 Armenia 0.93 0.25 0.18 0.31
Honduras 0.81 0.10 0.02 0.18 Nigeria 0.92 0.27 0.19 0.35
Philippines 0.78 0.12 0.02 0.22 Niger 0.95 0.26 0.19 0.33
Burkina Faso 0.82 0.11 0.02 0.19 Liberia 0.92 0.25 0.19 0.31
Egypt, Arab Rep 0.77 0.09 0.03 0.15 Malaysia 0.95 0.33 0.19 0.48
Bolivia 0.81 0.10 0.03 0.18 Gambia, The 0.93 0.27 0.19 0.34
Malawi 0.79 0.09 0.03 0.16 Kyrgyz Republic 0.94 0.26 0.20 0.32
Central African Republic 0.87 0.15 0.04 0.27 Cote d'Ivoire 0.95 0.27 0.20 0.34
Lao PDR 0.79 0.10 0.04 0.15 Mongolia 0.94 0.27 0.20 0.34
Panama 0.79 0.11 0.04 0.18 Guinea 0.97 0.28 0.20 0.35
Syrian Arab Republic 0.79 0.10 0.04 0.15 Kenya 0.95 0.27 0.20 0.34
Mozambique 0.89 0.17 0.05 0.29 Qatar 0.95 0.29 0.21 0.36
Tunisia 0.79 0.11 0.05 0.18 Mauritania 0.95 0.29 0.22 0.37
Morocco 0.79 0.11 0.05 0.17 Jordan 0.96 0.29 0.22 0.36
Trinidad and Tobago 0.86 0.15 0.05 0.24 Rwanda 1.02 0.31 0.22 0.41
Chile 0.85 0.14 0.06 0.23 Uzbekistan 0.98 0.31 0.23 0.40
India 0.83 0.20 0.06 0.35 Chad 1.04 0.33 0.23 0.44
Nicaragua 0.89 0.17 0.06 0.29 Argentina 1.07 0.35 0.24 0.47
Sierra Leone 0.82 0.12 0.06 0.18 Gabon 1.02 0.34 0.25 0.44
El Salvador 0.80 0.12 0.07 0.17 Algeria 1.02 0.35 0.25 0.44
Togo 0.82 0.13 0.07 0.18 Azerbaijan 1.01 0.35 0.25 0.45
Costa Rica 0.82 0.13 0.08 0.19 Sudan 1.04 0.35 0.25 0.45
Moldova 0.86 0.15 0.08 0.23 Belarus 1.02 0.38 0.26 0.51
Senegal 0.81 0.13 0.08 0.18 Kuwait 1.03 0.37 0.26 0.47
Mauritius 0.82 0.17 0.08 0.25 South Africa 1.08 0.38 0.27 0.50
Lebanon 0.82 0.14 0.09 0.19 Iraq 1.06 0.42 0.27 0.57
Paraguay 0.83 0.15 0.11 0.20 Yemen, Rep 1.08 0.39 0.28 0.51
Ecuador 0.87 0.17 0.11 0.24 Saudi Arabia 1.08 0.40 0.28 0.52
Tajikistan 0.84 0.17 0.11 0.24 Congo, Rep 1.09 0.40 0.28 0.52
Poland 0.84 0.16 0.11 0.20 Venezuela, RB 1.07 0.41 0.29 0.53
Mali 0.84 0.16 0.11 0.20 Angola 1.09 0.40 0.29 0.52
Uganda 0.89 0.19 0.11 0.26 Ukraine 1.10 0.47 0.30 0.64
United Arab Emirates 0.85 0.17 0.12 0.22 Brazil 1.11 0.45 0.31 0.59
Ghana 0.87 0.18 0.12 0.24 Georgia 1.14 0.49 0.32 0.65
Turkey 0.85 0.19 0.12 0.25 Kazakhstan 1.18 0.51 0.34 0.68
Cambodia 0.85 0.19 0.13 0.25 Russian Federation 1.30 0.61 0.39 0.82
Ethiopia 0.88 0.19 0.13 0.25 Average 0.89 0.21 0.13 0.30



 
31 

 

Official Use Only 

Table A4.2. Robustness check - Export similarities and the impact of China’s GDP 
growth on developing economies (controlling for global macro indicators) 

  

Note: Regressions use annual data from developing economies countries available between 1995-2019, excluding 
countries with populations under one million (as of 2010). Export similarity to China’s trade is measured using 
the baseline (1995) rank correlation index at the detailed 4-digit product level. Robust standard errors are in 
parentheses, with significance levels denoted as *** p<0.01, ** p<0.05, * p<0.1.  
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Table A4.3. Robustness check - Impact of China’s manufacturing trade growth on 
developing country per capita GDP growth (controlling for global macro indicators) 

  

Note: EMDE: Emerging Market and Developing Economies. Panel regressions use annual data from developing 
economies countries available between 1995-2019, excluding countries with populations under one million (as of 
2010). Export similarity to China’s trade is measured using the baseline (1995) rank correlation index at the 
detailed 4-digit product level. Robust standard errors are in parentheses, with significance levels denoted as *** 
p<0.01, ** p<0.05, * p<0.1.  
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Table A4.4. Robustness check - Differential effect for commodity exporters 

  

Note: EMDE: Emerging Market and Developing Economies. Panel regressions use annual data from developing 
economies countries available between 1995-2019, excluding countries with populations under one million (as of 
2010). “Commodity exporters” is a dummy indicating the countries with commodity rents greater than 30% of 
GDP as of 2010. Robust standard errors are in parentheses, with significance levels denoted as *** p<0.01, ** 
p<0.05, * p<0.1. 
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Table A4.5. Robustness check with time-varying rank correlation similarity-index  

 

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1 
Note: Panel regressions using annual data from EMDE countries where data are available, between 1995-
2019. The table introduces two alternative measures of EMDE’s export similarity to China’s imports and 
exports, including the Finger-Kreinin index (columns 1 and 2), and the China’s global share index 
(columns 3 and 4). Both indices are constructed with detailed product-level data at the 4-digit level. The 
Finger-Kreinin index takes values between zero and one, and the higher its value the closest is the 
product distribution of exports in the two countries. Description of China’s global share index. Whiskers 
represent 90-percent confidence intervals. 
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Table A4.6. Similarity exercise -- robustness check: different similarity-index measures 

 

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1 
Note: Panel regressions using annual data from EMDE countries where data are available, between 1995-
2019. Export similarity to China’s exports and imports are measured using time-varying rank correlation 
index with detailed product-level data at the 4-digit level. Description of rank correlation index. Whiskers 
represent 90-percent confidence intervals. 
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Table A4.7. Similarity exercise -- robustness check: including countries with population 
less than 1 million     

 

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1 
Note: Panel regressions using annual data from EMDE countries where data are available, between 1995-2019. 
Export similarity to China’s exports and imports are measured using baseline (1995) rank correlation index 
with detailed product-level data at the 4-digit level. Description of rank correlation index. Whiskers represent 
90-percent confidence intervals. 
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Table A4.8. Robustness check - Export similarities and the impact of China’s GDP 
growth on developing economies (sample expanded to post-COVID years) 

  

Note: Regressions use annual data from developing economies countries available between 1995-2023, excluding 
countries with populations under one million (as of 2010). Export similarity to China’s trade is measured using 
the baseline (1995) rank correlation index at the detailed 4-digit product level. Robust standard errors are in 
parentheses, with significance levels denoted as *** p<0.01, ** p<0.05, * p<0.1.  
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Table A4.9. Robustness check - Impact of China’s manufacturing trade growth on 
developing country per capita GDP growth (sample expanded to post-COVID years) 

  

Note: EMDE: Emerging Market and Developing Economies. Panel regressions use annual data from developing 
economies countries available between 1995-2023, excluding countries with populations under one million (as of 
2010). Export similarity to China’s trade is measured using the baseline (1995) rank correlation index at the 
detailed 4-digit product level. Robust standard errors are in parentheses, with significance levels denoted as *** 
p<0.01, ** p<0.05, * p<0.1.  

 

 

One way to evaluate how China’s expansion in output and trade has influenced 

emerging markets and developing economies (EMDEs) is by examining shifts following 

its accession to the World Trade Organization (WTO) in 2001. Table A5.9 presents 

findings from an empirical analysis assessing the differential effects of China’s growth 

during the post-accession period. Relative to the baseline years of 1995–2000, both the 

import-driven complementarity gains and the export-driven competitive pressures 

associated with China’s growth—across output and manufacturing trade—intensified. 

Notably, the estimated coefficient on the triple-interaction terms involving export 

similarity is negative and statistically significant, indicating that EMDEs with export 

profiles closely aligned with China’s experienced stronger adverse competition effects on 

growth after China’s formal integration into global trade. 
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Table A4.10 Robustness check - Differential effect after China’s WTO accession in 2001 
(for commodity exporters) 
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Table A4.11 Robustness check - Differential effect after China’s WTO accession in 2001 

 
Note: Regressions use annual data from developing economies countries available between 1995-2019, 
excluding countries with populations under one million (as of 2010). Export similarity to China’s trade is 
measured using the baseline (1995) rank correlation index at the detailed 4-digit product level. Post_2001 
is a dummy indicating all periods after 2001. Robust standard errors are in parentheses, with significance 
levels denoted as *** p<0.01, ** p<0.05, * p<0.1. 
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Effects of China’s growth on developing economies over time 

 

Figure A4.1. Developing economies export primarily intermediate goods to China, 
whereas China exports primarily final goods to other developing economies.  

A. Developing economies’ exports to China B. China exports to developing economies 

  
Source: BACI.  
Note: Values deflated using global price indicators (constant 2010 price). 

 

We further assess how these effects have evolved over time. Figure A5.1 plots the 

estimated net contribution of China’s growth to the average growth of developing 

economies through trade similarity channels. During the 1995–2007 period, China’s per 

capita GDP growth is estimated to have contributed approximately 0.46 percentage 

points to annual growth in developing economies. However, this contribution declined 

by nearly half—to just 0.23 percentage points—over the 2020–2023 period. This decline 

reflects primarily the slowdown in China’s growth itself, rather than structural changes 

in structural similarity.  
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Figure A4.2 Estimated net effect of China’s growth on developing economies over time.  

 

Note: Net effects are calculated as the product of average China growth and the effect of the rank 
similarities of import and export.  

Appendix A5. Exports to China and reforms 
 
Table A5.1. Correlation between lag of exports of intermediate goods to China and 
policy reforms 
 

 
Note: reform indices adopted from Alesina et al. (2020) and discussed in detail in World Bank’s East Asia and 

Pacific Economic Update April 2023. Overall and sectoral reform indices are continuous indicators taking a 
value in the [0-1] interval. A higher value indicates greater degree of liberalization (lower intensity of 
restrictions). Trade reforms is a composite index capturing the degree of liberalization in tariffs and the current 
account. Domestic finances reform captures the degree of liberalization in credit and interest rate controls, 
banking entry and supervisions, privatization, and security markets. Product market reform captures the 
degree of liberalization in two representative sectors of electricity and telecommunication. Robust standard 
errors are in parentheses, with significance levels denoted as *** p<0.01, ** p<0.05, * p<0.1. 
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